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Forest Cover Classification from THAICHOTE Imageries using

Object-Based Classification with Multi-Parameters
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ABSTRACT

The purpose of this research is to develop a methodology for classifying forest cover
using 4 bands of THAICHOTE imasgeries. The resolution of THAICHOTE scene is 2mx 2m. The
object-based classification methodology was applied to this study. The processing was
consist of the multi-resolution/spectral difference algorithm, image layer weights parameters,
and composition of homogeneity criterion (shape/compactness) parameters. Then the data
was classified based on the threshold, NDVI values, and in relations to neighbor objects. The
result of this classification found thatthe accuracy of forest cover classification was similar to

traditional classification, but the processing time was more faster and comfortable.
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Figure 1 Statistic of Forest Area Between 1973 - 2013.
Source: RFD, 2014.
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Figure 2 Study Area (Red Box).
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Figure 3 Overviews of Methodology.
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Figure 5 Result of Classification : Forest (Green), Non-Forest (Yellow) and Confusion Matrix.

Area 1 Area 2 Area 3
Figure 6 Comparison of Classification in Non-Forest:Visual (Yellow), Nearest Neighbor (Green)
and Rule Sets (Red)
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